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Algorithm 1: £77]5 &85 A%l o] 54 =4
Input: Original query @), Maximum chain length L,
Maximum LLM calls C, Retrieval doc size k

Output: Final answer A
Initialize step i < 1, call count ¢ < 0;
Initialize history H < 0;
while i < L and ¢ < C do
Generate sub-question @; < LLM(Q, H);
Retrieve docs Dﬁi < Retriever(Q;);
Generate sub-answer A; «+ LLM(Q;, DYL),
Update history H < H U {(Q;, A:)};
c+—c+1;
Generate classifier output O; < f(Q, H);
if O; = [Sufficient] then
Retrieve docs D1, < Retriever(Q);
Generate A LLM(Q, M, D1.x);
break;

141+ 1;
if i > L or c> C then
Retrieve docs Dy, < Retriever(Q);

Generate A <+ LLM(Q, M, D1.x);

return A
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AQ Aol e HE&(%)
1 4,077 40.8
2 2,325 23.2
3 871 8.7
4 481 4.8
5 351 3.5
6 1,895 19.0
%3 10,000 100
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